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Acrtificial intelligence (Al) is transforming enterprise finance through a shift
from the traditional transactional and backward-looking approach to finance to a more
intelligent and forward-looking approach. Developments in the use of machine
learning, natural language processing, generative Al, and intelligent automation are
making it possible for finance teams to perform analysis of large datasets, automation
of routine tasks, detection of anomalies, creation of forecasts, financial data
interpretation, and decision support at very high speeds. This is exemplified in the
increasing number of corporations embracing Al in finance functions, where a survey
conducted by Gartner showed that 59% of finance leaders had incorporated Al in their
finance functions in 2025, indicating how Al is becoming a part of finance. The
success of Al-powered financial services hinges on data quality, system integration,
cybersecurity, model accuracy, explain ability, regulatory compliance, and availability
of relevant human skills. The advent of generative Al increases the possibilities of
finance through the capability to work with financial information in the natural
language and conduct knowledge-based operations, whereas the development of

agentic systems can lead to linking analysis and automated workflow processing in the
future. The review suggests that the sustainable transformation will be the result of
cooperation between human and Al and intelligent technology supplementing
professional judgement through credible data and results.

Introduction

Artificial intelligence (AI) has become one of those technologies that significantly change the
structure of enterprise finance [1]. Conventional finance was mostly concerned about transaction
processing, accounting, financial reporting, budgeting, compliance, and periodic evaluation of the results
of activities based on the past data and professional expertise [2]. The progress of digital finance brought
in such innovations as enterprise resource planning software, cloud computing, business intelligence,
robotic process automation, and analytics tools that made financial data available and more quickly
accessible [3]. Al became the next stage in the evolution of corporate finance since it enables financial
systems to identify patterns, make predictions, analyze unstructured data, create natural language
explanations, and provide smart recommendations. On the other hand, the growth of the generative Al
makes financial intelligence go beyond prediction and automation, moving towards knowledge creation,
conversational analysis, and decision making [4]. It may be stated that the developing finance function
becomes more analytical and strategic, while Al turns into an infrastructure for financial intelligence.

The relevance of Al for enterprise finance becomes especially clear against the backdrop of
increasing complexity and amount of corporate information. Contemporary enterprises produce
transactional records, invoices, procurement data, customer communications, market signals, financial
statements, contracts, regulatory information, and internal reports [5]. Using traditional methods for
handling such a variety of information would take too much time and could hamper the ability of finance
professionals to react promptly to changes in the situation. Al could be used to link all sources of
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information and turn them into useful insights [6]. Yet, the availability of technological potential is not
enough for successful implementation of Al solutions. The financial value created by Al will depend on
such factors as data quality and accessibility, system integration, cybersecurity, reliability of models,
compliance with regulations, and proficiency of employees to interact with smart technologies [7].

This way, the shift from digital finance to intelligent finance is not only a question of technological
development but rather an organizational shift in terms of process, people, information, and governance
as well [8]. Companies need to stop assessing their achievements in Al application by the amount of its
adoption or automation and rather ask themselves whether the application of Al technologies has
improved their capacity to make forecasts, increase efficiency, enhance the speed of decision making,
find risks, etc. This is crucial due to the fact that nowadays the new generation of Al is becoming capable
of affecting operations that have always been under the control of professional judgment of people [9].
Human expertise is still crucial here in terms of interpretation, ethics, accountability, and decision-
making. Under these conditions, this review focuses on the history of Al-supported enterprise finance
[10].

Al Capabilities and Applications in Enterprise Finance

The application of artificial intelligence is shifting enterprise finance from simple automation to
prediction, interpretation, and decision support. One of the applications is financial forecasting through
artificial intelligence. Machine learning can combine past financial data, customer behavior, market
situation, operational and macro-economic indicators, as shown in Figure 1 below, in financial forecasts
to make forecasts that are more dynamic in terms of revenues, expenses, cash flows, working capital,
and scenarios than traditional spreadsheet methods [2,11]. Generative artificial intelligence is changing
financial planning and analysis, enabling professionals to interrogate financial information in natural
language, to explain performance differences, to summarize reports, and to build scenarios in an efficient
manner. McKinsey observed that the percentage of surveyed Chief Financial Officers utilizing
generative Al in more than five use cases went from 7% to 44% in just one year, pointing out the fast
expansion of artificial intelligence in finance processes [12]. These trends show that artificial
intelligence-enabled forecasting systems are becoming decision intelligence systems for finance,
enabling continuous analysis and translation of financial information into managerial insights. In
addition, Al is changing the face of accounting, transaction processing, fraud detection, and financial
knowledge management at the same time [13]. For example, accounts payable functions are good
candidates for intelligent automation, given that there is much repetition and volume of activities
associated with invoices classification, matching, validation, and approval. At the same time, Al can help
with speed up of the processes along with error detection and control. In turn, models of anomaly
detection can monitor the transactions continuously and find abnormal patterns, which might be signs
of mistakes, fraud, or lack of control [14,15]. Moreover, generative Al helps to access financial
knowledge of the organization via retrieval and summaries of policies, contracts, accounting principles,
audit records, and management reports using natural language interface.
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Al in Enterprise Finance: Challenges and Opportunities
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Figure 1. Al Capabilities and Applications in Enterprise Finance

Al-Driven Enterprise Value Creation and Strategic Transformation

Al adds value to corporate finance operations via boosting productivity, speeding up information
processing, improving forecasting, controlling activities, and strategic decision-making as stated in Table
1. In addition to its ability to automate repetitive processes including invoice processing, reconciliations,
reviewing documents, and reporting, Al may continuously work with the organization's financial and
other operational data, detect new risks, and produce new insights that could be overlooked when using
traditional periodic reporting [16]. This aspect has found its reflection in the increasing organizational
engagement in the use of generative Al — 65% of CFOs surveyed by McKinsey expect higher
investments in it. In the case of automation of routine financial functions, finance experts will have more
time to spend on strategic planning, risk management, capital allocation, and business partnering [8,17].
Moreover, Al may help in management reporting, variance analysis, scenario building, and accessing
organizational knowledge. However, just the use of Al cannot assure adding value. The value needs to
be measured in terms of the outcome, for example, in terms of processing efficiency, quality of forecasts,
reporting speed, error reduction, visibility of working capital, and risk detection [18].

Table 1. Al-Driven Value Creation in Enterprise Finance

Value dimension Al contribution Potential measurable outcome

Productivity Automates repetitive financial | Lower processing time and workload
tasks

Forecasting Predictive models and scenario | Improved forecast quality
analysis

Decision-making Real-time financial insights and | Faster strategic decisions
recommendations

Risk management Continuous anomaly and pattern | Earlier risk identification
detection

Reporting Automated analysis and | Shorter reporting cycles
management summaries

Working capital Cash-flow and payment prediction | Better liquidity visibility

Strategic finance Al-supported  planning and | Greater focus on value creation
business partnering
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Challenges, Risks and Governance of AI-Driven Finance

In spite of all its promising capabilities, Al-based financial technologies pose a challenging mix of
risks related to data, technology, security, and organization. Indeed, the correctness of decisions based
on Al technologies will always depend on the quality and consistency of financial data available, as
shown in Figure 2. At the same time, enterprise information is typically spread over various ERP
systems, Excel sheets, databases, and third-party systems, which leads to duplications and
inconsistencies [19]. In addition, legacy IT infrastructure can make the scaling of Al solutions a
challenge. Security and privacy are important due to the processing of sensitive transactional, customer,
and strategic data.

The importance of governance becomes even more significant with Al involved in making crucial
financial decisions. Generative Al is prone to generating false data, whereas the complicated models can
result in recommendations that are hard to understand and audit. These issues raise a number of questions
regarding accuracy, transparency, accountability, privacy, and compliance with regulatory requirements
[20,21]. Proper governance should include such components as model validation, documentation,
continuous monitoring, human control, and accountability. This process can be started from the NIST
Al Risk Management Framework, which includes the Govern, Map, Measure, and Manage
functionalities. Since finance tends to develop agentic Al that can carry out certain workflows, the
process of risk management should become proportional to the financial impact of the decision made
[22-24].

Risks and Requirements in Al-Driven Finance

Risk Category Data Technological Security Organizational
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Figure 2. Risks and Governance of AI-Driven Finance

Future Opportunities, Human—AlI Collaboration and Research Directions

The future of enterprise finance will most probably be characterized by continuity, prediction,
conversations, and intelligence. Rather than depending on periodic reporting, enterprises will leverage
Al to assess their financial performance, liquidity, risks, and operating conditions in almost real-time
[25]. Additionally, agentic Al can coordinate financial processes by detecting anomalies in transactions,
document retrieval, preparing analyses, and forwarding complicated transactions to human specialists
as presented in Figure 3. Another area of potential for the development of finance is intelligent treasury,
especially cash flow forecasting, liquidity management, payment management, and working capital
management. Generative Al is bound to become more of a finance copilot, helping with management
reporting, interpretation of financial information, and scenario analysis [26,27]. This trend is evident
from the rapid growth of generative Al, which is utilized by 44% of CFOs in more than five use cases
as found by McKinsey. However, finance in the future will not be fully autonomous. Human decision-
making, ethics, context, and impact are important in making certain financial decisions [28].

Consequently, future research should concentrate less on the question of whether Al is capable of
accomplishing tasks related to finance, but rather on the timing and context of when Al adds value to
finance. There is a need for longitudinal studies in order to assess the impact of Al on productivity,
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forecasting, profitability, and risk management [29]. It is important to investigate economic value created
by generative and agentic Al accounting for the costs of implementation, cybersecurity, governance, and
training. Human-AlI interaction is a specific area of study in the context of trust and proper reliance as
well as decision-making interface [30]. Future research should also investigate the incorporation of Al
into dealing with climate risk, supply chain disruption, geopolitical uncertainty, and consumer behavior.

The Future of Enterprise Finance Cycle

Monitor Financial
Performance

Al tracks financial metrics in
real time.

A\

Human judgment guides Agentic Al manages financial
strategic decisions. tasks.
Generative Al assists with Al improves cash flow and
reporting and analysis. liquidity.

Figure 3. Future Opportunities, Human—AI Collaboration and Research Directions

Conclusion

The application of artificial intelligence is causing enterprise finance to move away from its
transactional and history-focused processes towards becoming more predictive, intelligent, and strategic.
Artificial intelligence is playing an increasingly greater role in areas such as forecasting, accounting,
anomaly detection, reporting, knowledge management, and decision making, while generative artificial
intelligence is furthering the use of financial analysis through conversational and knowledge-related
applications. Nevertheless, there are certain aspects other than technology itself that are required in order
for this transition to take place. Good data, cybersecurity, systems integration, compliance with
regulations, employee skills, and supervision will all be necessary in order for the process to be carried
out responsibly. With the increasing sophistication of generative and agentic artificial intelligence, the
boundaries between actions performed by machines and authorization of those actions by people will
become even clearer.
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